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Abstract 

The rise of smart machines and AI-powered systems has sparked a major rethink of human 

capital theory and how it applies to multinational organizations. This paper takes a closer look 

at how the traditional ideas found in human capital theory, strategic human resource 

management, and organizational behavior need to be reassessed in the context of an AI-driven 

workforce. It puts forward three fresh ideas: first, that in the age of AI, we should see human 

capital as relational-adaptive capital, which highlights our unique human abilities like 

contextual judgment, ethical reasoning, creativity, and cross-cultural empathy; second, that 

workforce planning should shift from being a one-off task to an ongoing process that relies on 

real-time data and predictive analytics; and third, that global organizations need to build 

transcultural AI governance skills to navigate the ethical, regulatory, and cultural challenges 

posed by AI-driven workforce systems in various countries. The paper brings together insights 

from strategic management, organizational theory, labor economics, technology philosophy, 

and cross-cultural management to create a comprehensive framework called the Human-AI 

Capital Integration (HACI) Framework, while also pointing out key areas for future research. 
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1. Introduction 

Every major technological shift in our history has prompted us to rethink the role of human 

labor and what we value in our productive systems. When agriculture became mechanized, it 

changed the identity of the agricultural worker; electrification altered the landscape for 

industrial laborers; and computerization transformed the knowledge worker. Each of these 

shifts brought about periods of upheaval, displacement, and eventually, adaptation — leading 

to significant changes in how organizations, economists, and societies perceive the 

contributions of people to economic life. 

Now, we find ourselves in a new revolution, one driven by artificial intelligence, machine 

learning, and advanced automation. What sets this moment apart is that, for the first time, 

machines are not just taking over physical tasks or routine cognitive jobs; they are also 

encroaching on areas of intelligence — like reasoning, pattern recognition, language, and even 

creativity — that we once thought were uniquely human. This shift doesn't just threaten 

individual jobs or entire industries; it challenges the very frameworks that scholars and 
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practitioners have used to understand human capital, organizational capability, and competitive 

advantage. 

For multinational organizations, the stakes are particularly high. These companies juggle vast, 

geographically spread, and culturally diverse human capital portfolios across numerous 

national contexts at once. The impact of AI on work isn't uniform for these organizations; it 

interacts with local labour markets, regulatory environments, cultural norms, and institutional 

structures in intricate, context-specific ways. To truly grasp this complexity, we need a 

conceptual analysis that pulls from various disciplines and is willing to question long-held 

assumptions.  

This paper is structured in a way that guides you through its key points. In Section 2, we take 

a close look at the theoretical underpinnings of human capital theory and strategic HRM, 

highlighting the assumptions that are challenged by AI-driven transformation. Moving on to 

Section 3, we introduce three fresh conceptual ideas that reshape our understanding of human 

capital, workforce planning, and AI governance within the context of multinational 

organizations (MNOs). Section 4 showcases the Human-AI Capital Integration (HACI) 

Framework, which serves as a comprehensive conceptual model. In Section 5, we delve into 

the implications for both theory and practice. Section 6 points out potential avenues for future 

empirical research, and finally, Section 7 wraps things up with a conclusion. 

2. Theoretical Foundations and Their Limits in the AI Era 

2.1 Classical Human Capital Theory 

The roots of human capital theory can be traced back to the work of Schultz (1961) and Becker 

(1964). They proposed that investing in education, training, and experience creates valuable 

skills in individuals, much like investing in physical capital. This idea has been incredibly 

influential, forming the backbone of various HRM practices, from training and development to 

how we design compensation. It has also fueled years of research connecting investments in 

individual and organizational human capital to productivity and performance. 

However, some of the core assumptions of classical human capital theory are starting to be 

challenged by the rise of AI. For instance, it assumes that human cognitive abilities are both 

scarce and valuable, that the skills and knowledge gained through investment are long-lasting, 

and that organizations primarily need to attract, develop, and keep individuals whose human 

capital is above the market average. Each of these assumptions is worth reconsidering. 

To start, the idea of scarcity is being shaken up. Cognitive tasks that were once thought to be 

uniquely human—like data analysis, language translation, pattern recognition, and even legal 

reasoning and medical diagnosis—are now being performed by AI systems at a scale, speed, 

and cost that no single human investment can compete with. While the value of human 

cognitive skills isn't vanishing, it's shifting towards areas where AI falls short, many of which 

are still not fully understood and are tougher to cultivate through traditional training methods. 

Next, the assumption of durability is facing challenges. In a world where skills can become 

outdated at an ever-increasing pace due to technological advancements, the notion of human 

capital as a stable resource that needs occasional investment is becoming outdated. Instead, we 
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need a more dynamic view that focuses on continuous adaptation, learning agility, and the 

ability to regenerate capabilities. 

When we look at human capital theory through an individual lens, it starts to fall short, 

especially when we consider that the real productive unit often involves not just a single person, 

but rather a team made up of humans and AI, or a system where human and artificial 

intelligence work together. The value that comes from these setups can't be neatly divided into 

human or AI contributions; it actually arises from the way they interact and collaborate. 

2.2 Strategic Human Resource Management and the Workforce Planning Tradition 

Strategic HRM scholarship, which has its roots in the resource-based view of the firm, suggests 

that human capital can be a key driver of sustained competitive advantage when it meets the 

criteria of being valuable, rare, inimitable, and non-substitutable — this is known as the VRIN 

framework (Barney, 1991; Wright, McMahan & McWilliams, 1994). The workforce planning 

aspect of strategic HRM has put this idea into practice by aligning investments in human capital 

with broader business goals, utilizing various tools like competency modeling, succession 

planning, scenario analysis, and workforce segmentation. 

However, the rise of AI is presenting significant challenges to strategic HRM and workforce 

planning. The substitutability aspect of the VRIN framework is being undermined as AI 

systems increasingly take over tasks traditionally performed by humans. At the same time, the 

ability to effectively integrate human and artificial intelligence is becoming a new competitive 

edge — organizations that excel in this integration in ways that are hard for others to copy may 

find themselves with a lasting strategic advantage. Yet, the theoretical frameworks we have for 

understanding and measuring these human-AI integration capabilities are still quite limited. 

Moreover, workforce planning methods are feeling the strain. The conventional strategic 

workforce planning cycles — usually conducted annually or biennially to create multi-year 

workforce plans — are not well-equipped for a landscape marked by rapid technological 

advancements, unpredictable labor markets, and evolving skill requirements. The foundational 

concepts of workforce planning need to shift towards more continuous, data-driven, and 

adaptive processes, resembling real-time supply chain management rather than infrequent 

strategic planning sessions. 

2.3 Organizational Theory and the Multinational Context 

Organizational theories that are relevant to the multinational organization (MNO) context—

like institutional theory (DiMaggio & Powell, 1983; Scott, 1995), transaction cost theory 

(Williamson, 1985), and international business theories surrounding multinational enterprises 

(Dunning, 1988; Kogut & Zander, 1993)—offer valuable insights, but they also have their 

limitations when it comes to the transformation of the workforce driven by AI. 

Institutional theory provides a useful perspective on why the adoption of AI in workforce 

management differs from one country to another. Organizations tend to react to various 

pressures: coercive ones from regulators, mimetic ones from their industry peers, and 

normative ones from professional communities (DiMaggio & Powell, 1983). However, 

traditional institutional theory was designed to explain isomorphic convergence—the idea that 

organizations within the same institutional field become more alike over time. In today’s AI-

http://www.ijrt.org/


                               International Journal of Research and Technology (IJRT) 

 International Open-Access, Peer-Reviewed, Refereed, Online Journal  

ISSN (Print): 2321-7510 | ISSN (Online): 2321-7529 

| An ISO 9001:2015 Certified Journal | 

   780 
Volume 14 Issue 01 January - March 2026 www.ijrt.org        

 

driven world, the speed and unpredictability of institutional change are increasing, leading to 

isomorphic pressures that can pull organizations in conflicting directions across different 

national contexts at the same time. 

International business theory has long dealt with the challenge of balancing global integration 

with local responsiveness in MNOs (Prahalad & Doz, 1987). The rise of AI in workforce 

planning introduces new dimensions to this challenge: while global AI platforms offer the 

promise of standardization, efficiency, and economies of scale in managing workforces, local 

adaptation demands that these platforms be tailored to fit the specific labor market conditions, 

cultural norms, and regulatory frameworks of each area they operate in. Therefore, the 

frameworks we use to navigate this tension need to be updated to reflect the unique dynamics 

of AI governance. 

3. Conceptual Propositions 

3.1 Proposition One: Reconceptualizing Human Capital as Relational-Adaptive Capital 

In today's AI-driven world, the real value of human capital in multinational organizations isn't 

just about cognitive skills. Instead, it's about a unique set of human abilities—like contextual 

judgment, ethical reasoning, creative thinking, cross-cultural empathy, and relational 

intelligence—that we call relational-adaptive capital (RAC). Organizations that make a smart 

investment in nurturing and utilizing RAC, while also designing human-AI systems that 

enhance the synergy between RAC and AI capabilities, will see better workforce outcomes 

compared to those that simply view AI as a replacement for existing human talent. 

When we talk about the development of this concept, it draws from various theoretical 

backgrounds. For instance, Polanyi's (1966) idea of tacit versus explicit knowledge lays the 

groundwork: AI can easily replicate explicit, codifiable knowledge, but the tacit knowledge 

tied to contextual judgment and relational understanding is much harder to digitize or automate. 

Additionally, Goleman's (1995) framework on emotional intelligence highlights skills like self-

awareness, empathy, and social skills—not just as emotional add-ons to cognitive abilities, but 

as crucial strategic assets in organizations that rely on trust, collaboration, and influence. 

Lately, researchers in human-computer interaction and organizational behavior have started 

crafting frameworks to better understand the unique contributions humans make in human-AI 

collaborative systems. Brynjolfsson and McAfee (2014) pointed out that the most valuable 

human skills in this era of intelligent machines revolve around forming an "ideal partnership" 

with AI. This means being able to grasp AI outputs, weave them into a broader context, and 

turn them into wise decisions and meaningful actions. Daugherty and Wilson (2018) brought 

forth the idea of "fusion skills," which are the specific human abilities needed to work 

effectively alongside AI systems. These include training AI, interpreting its outputs, and 

maintaining the social and ethical frameworks that allow AI to function legitimately. 

The relational aspect of Relational AI Competence (RAC) is especially crucial in multinational 

organizations. Cross-cultural competence—the knack for understanding, adapting to, and 

building trust across different cultures—is a type of relational intelligence that AI systems, 

despite their advancements in language processing and cultural modeling, simply can't 

replicate. As multinational organizations increasingly use AI tools for workforce management 
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in culturally diverse settings, human managers with strong RAC become vital links between 

the efficiency of algorithms and the nuanced judgment that comes from cultural sensitivity. 

The adaptive dimension speaks to learning agility—the ability to continuously learn, integrate, 

and apply new knowledge and skills in fresh contexts. In a world where technology and 

competition are evolving rapidly, learning agility might just be the most critical aspect of 

individual human capital in multinational organizations. It's worth noting that learning agility 

is tough to automate; it involves not just picking up new information but also fundamentally 

reshaping mental models—a process that remains uniquely human. 

When it comes to workforce strategy, rethinking human capital as relational-adaptive capital 

opens up a whole new world of possibilities for multinational organizations (MNOs). Instead 

of just focusing on current skills and knowledge, we need to shift our approach to talent 

identification and assessment. It’s all about evaluating capabilities that matter in this new 

context: things like contextual judgment, ethical reasoning, cross-cultural competence, creative 

synthesis, and learning agility. We also need to rethink how we design jobs and roles, making 

sure they’re set up to leverage these RAC capabilities. This means positioning human workers 

in ways that allow them to shine, rather than relegating them to tasks that AI can handle more 

efficiently. Plus, our compensation and recognition systems should celebrate those RAC 

contributions, even if they’re a bit trickier to measure than traditional productivity metrics. 

3.2 Proposition Two: Strategic Workforce Planning as a Continuous Intelligence Function 

The Proposition: The old-school periodic model of strategic workforce planning — where 

companies analyze their workforce, create multi-year plans, and roll them out through annual 

HR cycles — just doesn’t cut it anymore in the fast-paced, complex world of AI-driven labor 

market changes. Instead, strategic workforce planning (SWP) in multinational organizations 

(MNOs) needs a fresh perspective: it should be seen as a continuous intelligence function 

(CIF). This means it’s an ongoing, data-driven capability that’s embedded within the 

organization, allowing it to sense workforce dynamics, interpret their strategic implications, 

and adjust workforce configurations almost in real-time. 

Conceptual Development: The idea of a continuous intelligence function is rooted in several 

theoretical frameworks. Organizational learning theory (Argyris & Schön, 1978; Senge, 1990) 

lays the groundwork: organizations that engage in continuous double-loop learning — meaning 

they question and revise their core assumptions and strategies based on feedback from their 

environment, rather than just tweaking their tactics — are in a better position to thrive in rapidly 

changing landscapes. Viewing SWP as a CIF means applying organizational learning principles 

to the realm of human capital. 

Dynamic capabilities theory, as discussed by Teece, Pisano & Shuen (1997) and Eisenhardt & 

Martin (2000), offers a strategic perspective: the knack for sensing, seizing, and reconfiguring 

organizational resources in response to environmental changes is what sets agile organizations 

apart. In the realm of Strategic Workforce Planning (SWP), a continuous intelligence function 

acts as a dynamic capability that zeroes in on human capital. It’s all about staying attuned to 

shifts in workforce supply, demand, and configuration, and swiftly capitalizing on 
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opportunities for talent acquisition, development, and deployment to keep ahead of the 

competition. 

The operational model for SWP as a Continuous Intelligence Function (CIF) draws parallels 

from real-time management practices in similar organizational areas. Just like supply chain 

management has transitioned from sporadic inventory checks to a seamless, sensor-driven 

visibility, workforce planning is also evolving towards a model of continuous workforce 

intelligence. Similarly, financial management has progressed from quarterly reports to real-

time treasury management, thanks to digital advancements, and workforce planning is now 

heading towards dynamic talent market intelligence powered by AI-driven workforce analytics 

platforms. 

The technology that makes this shift possible is already here. AI-powered workforce analytics 

platforms can merge internal HR data—like turnover rates, performance metrics, skills 

assessments, and employee engagement—with external labor market insights, such as hiring 

trends, skill availability, compensation benchmarks, and competitor talent movements. This 

integration produces real-time dashboards and predictive alerts for workforce leaders. Natural 

language processing allows for ongoing analysis of employee sentiment derived from survey 

responses, collaboration patterns, and communication metadata. Predictive attrition models 

serve as early warning systems for potential flight risks, while skills inference engines 

continuously refine assessments of organizational capabilities based on changing work activity 

data. 

While having the technology for continuous workforce intelligence is essential, it’s not the 

whole picture. Organizations also need to cultivate the human skills and organizational 

frameworks that allow them to understand and act on this intelligence. This means bringing in 

workforce analytics professionals who possess both technical know-how and strategic insight, 

as well as HR business partners who can turn workforce data into effective talent strategies. 

Senior leaders must also be ready to make quick decisions based on the insights that continuous 

intelligence provides. 

In multinational settings, the continuous intelligence function encounters unique hurdles. For 

one, harmonizing data across different countries and HR systems can be quite complicated and 

often leads to organizational disputes. Additionally, the rules around collecting and using 

employee data differ widely from one jurisdiction to another, which can restrict the types of 

data that can be included in global workforce intelligence systems. Cultural attitudes towards 

privacy and managerial oversight also influence how employees accept continuous monitoring. 

To design an effective Continuous Intelligence Function (CIF) in multinational organizations, 

it’s crucial to navigate these challenges through careful implementation, cultural sensitivity, 

and clear governance. 

3.3 Proposition Three: Transcultural AI Governance as a Multinational Strategic 

Capability 

The Proposition: As mobile network operators (MNOs) roll out AI-driven workforce planning 

systems in diverse cultural and institutional settings, the ability to manage these systems in a 

way that is both globally consistent and locally accepted becomes a unique strategic advantage 
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— we call this transcultural AI governance (TAG). Organizations that cultivate TAG 

capabilities are likely to see better outcomes in AI adoption, reduced regulatory and 

reputational risks, and enhanced employee trust compared to those that stick to a one-size-fits-

all approach to AI governance without considering cultural and institutional nuances. 

Conceptual Development: The idea of transcultural AI governance draws from three academic 

fields: cross-cultural management, AI ethics, and international business governance. Research 

in cross-cultural management, building on Hofstede's (1980) pioneering work and later insights 

from Trompenaars (1993), House et al. (2004), and Meyer (2014), has highlighted significant 

cultural differences in attitudes toward authority, uncertainty, individualism, and time 

orientation. These factors directly influence how AI-driven workforce systems are perceived 

and managed in various national contexts. 

Take the power distance dimension, for example — this refers to how much less powerful 

members of organizations accept and expect hierarchical authority. In cultures with high power 

distance, employees might be more comfortable with algorithmic authority in workforce 

decisions, seeing it as a natural extension of centralized decision-making. Conversely, in low 

power distance cultures, employees may push back against algorithmic management, viewing 

it as a threat to their autonomy and the personal aspects of the employment relationship. 

Therefore, governance frameworks need to be tailored: in low power distance environments, 

AI governance might require more extensive employee input, transparency measures, and 

chances for individuals to override algorithmic suggestions. 

The concept of uncertainty avoidance is really important here. In cultures that have a high level 

of uncertainty avoidance, the mysterious nature of AI decision-making — often referred to as 

the "black box" issue — can lead to significant resistance and anxiety. In these situations, 

governance frameworks should focus on making AI more explainable, ensuring clear 

communication about how algorithms work, and establishing strong appeal processes for 

employees who might be affected. On the flip side, in cultures with lower uncertainty 

avoidance, employees might feel more at ease with probabilistic and adaptive AI systems, 

which means the governance requirements could be a bit more relaxed. 

When it comes to AI ethics, there's a solid foundation laid out for TAG. New frameworks for 

responsible AI, like the European Commission's Ethics Guidelines for Trustworthy AI (2019), 

the OECD AI Principles (2019), and the UNESCO Recommendation on the Ethics of AI 

(2021), highlight key principles such as human agency and oversight, fairness, transparency, 

accountability, and societal well-being. While these principles are widely accepted across 

different cultures, how they are put into practice can vary quite a bit depending on the cultural 

context. What one culture sees as sufficient transparency, proper human oversight, or 

meaningful accountability can look very different in another. 

In the realm of international business governance, research on global governance frameworks 

in multinational organizations (MNOs) (Kostova, Roth & Dacin, 2008), the impact of 

institutional distance on governance design (Kostova & Zaheer, 1999), and managing 

legitimacy across various institutional fields (Greenwood et al., 2011) contributes to the 

organizational theory of TAG. MNOs need to navigate legitimacy not just in one institutional 
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setting but across multiple environments that may have conflicting expectations and 

requirements. AI governance in workforce management is a specific example of this broader 

challenge. 

TAG as a strategic capability consists of several key components. First up is institutional 

intelligence, which refers to the ability to understand and keep track of the regulatory, 

normative, and cultural landscapes that influence AI usage in workforce management across 

various jurisdictions. Next, we have governance architecture, which involves crafting AI 

governance frameworks that set global principles while allowing for local adjustments within 

certain limits. Then there's cultural calibration, which is all about tailoring AI systems, 

communication methods, and employee engagement strategies to fit the cultural context. 

Following that is regulatory compliance management, which focuses on the continuous 

oversight and handling of AI-related regulatory requirements across different regions. Lastly, 

we have stakeholder trust building, which emphasizes the importance of actively engaging with 

employees, labor representatives, regulators, and civil society to foster legitimacy for AI-driven 

workforce systems. 

4. The Human-AI Capital Integration (HACI) Framework 

4.1 Framework Overview 

The three key ideas introduced in Section 3 — relational-adaptive capital, continuous 

intelligence function, and transcultural AI governance — form the foundational concepts of the 

Human-AI Capital Integration (HACI) Framework outlined in this paper. This framework 

offers a comprehensive model for grasping and managing how human capital strategies evolve 

in multinational companies influenced by AI and automation. 

It’s structured around three levels of analysis: the individual level (redefining human capital), 

the organizational level (planning and managing the workforce), and the institutional level 

(governance and legitimacy). These levels interact in a dynamic way: individual RAC 

capabilities are influenced by investments in organizational development and the cultural and 

institutional contexts in which they operate; organizational CIF capabilities are supported by 

technology but limited by institutional regulations; and TAG capabilities blend organizational 

design choices with cultural and regulatory insights. 

4.2 Individual Level: Relational-Adaptive Capital Development 

At the individual level, the HACI Framework suggests a significant change in how Mobile 

Network Operators (MNOs) find, evaluate, nurture, and utilize human talent. The main point 

is that in the age of AI, what sets apart competitive human capital isn’t just how efficiently we 

process information—something AI does exceptionally well—but rather our ability to build 

relationships and adapt in ways that AI simply can’t mimic. 

To keep up, talent identification and assessment methods need to evolve. We should create or 

modify assessment tools to focus on skills that matter in this context: things like cross-cultural 

empathy, ethical reasoning, creative synthesis, contextual judgment, and learning agility. These 

qualities can’t be easily measured with traditional psychometric tests or competency 

evaluations; instead, we might find more success with newer methods like situational judgment 
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tests, behavioral simulations, AI-assisted performance analysis, and peer-reviewed 

assessments. 

When it comes to designing roles and jobs, we need to clearly define how human workers can 

leverage their unique advantages. This means conducting a thorough analysis of tasks to 

pinpoint which aspects of a job are better suited for AI and which ones truly require human 

skills. Jobs should then be redesigned to focus human efforts on those uniquely human tasks. 

The goal is to create an organizational structure where humans and AI work together, each 

playing to their strengths. 

Finally, individual development programs should specifically aim to enhance these relational-

adaptive capabilities. It’s not just about reskilling for digital tasks, although that’s important 

too. We need to invest in building skills like cross-cultural understanding, ethical decision-

making, creative problem-solving, and the metacognitive abilities that support learning 

agility—areas that have often been overlooked in favor of technical and cognitive skill 

development. 

4.3 Organizational Level: Continuous Intelligence Function Design 

At the organizational level, the HACI Framework suggests we shift workforce planning from 

a one-time task to an ongoing intelligence function. This change calls for investment in three 

key areas: technological infrastructure, organizational capability, and process architecture. 

For the technological infrastructure of Continuous Intelligence Function (CIF), we need AI-

driven workforce analytics platforms that can seamlessly blend internal and external workforce 

data. This includes tools for predicting attrition, identifying skills gaps, and forecasting 

workforce demand, as well as skills inference engines that keep dynamic skills profiles for all 

employees. Additionally, natural language processing tools are essential for ongoing analysis 

of employee sentiment and engagement. 

Building organizational capability for CIF means creating a workforce analytics team made up 

of professionals who blend technical data science expertise with a solid understanding of HR 

and business strategy. HR business partners should enhance their data literacy to effectively 

interpret workforce intelligence and translate it into talent strategies. Senior leaders need to 

cultivate an organizational readiness that allows for quick workforce decisions based on 

continuous intelligence, rather than relying on outdated planning cycles. 

Lastly, the process architecture for CIF requires us to rethink workforce planning governance 

to support ongoing review and adaptation. This involves setting up regular workforce 

intelligence review schedules (weekly, monthly, quarterly) at various organizational levels, 

establishing clear protocols for escalating workforce intelligence signals that need strategic 

attention, and creating decision-rights frameworks that allow for swift local adjustments while 

staying aligned with broader strategic goals.. 

4.4 Institutional Level: Transcultural AI Governance Architecture 

At the institutional level, the HACI Framework emphasizes the need to develop TAG 

capabilities through a structured governance model that operates on three distinct tiers. 
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The first tier — global principles — sets the stage with organization-wide commitments to AI 

ethics in workforce management that are meant to be universally applicable across all 

operations. These commitments focus on fairness, transparency, human oversight, data privacy, 

and accountability. It’s essential that these principles are rooted in the most stringent regulatory 

standards available (like the provisions of the EU AI Act) and go beyond just meeting the 

minimum legal requirements. This approach helps to foster stakeholder trust and ensures that 

governance is resilient against future regulatory changes. 

The second tier — regional adaptation — introduces governance frameworks tailored to 

specific regions, interpreting and implementing global principles in light of local regulatory 

and cultural contexts. These regional frameworks take into account the unique AI regulatory 

demands of key operating areas (such as the EU, North America, Asia-Pacific, South Asia, and 

Sub-Saharan Africa), as well as the prevailing cultural attitudes of the regional workforces that 

are relevant to AI governance, alongside the existing labor relations frameworks and employee 

representation structures in each area. 

The third tier — local calibration — empowers country-level HR operations to fine-tune AI 

workforce systems to meet local needs while staying within the broader regional guidelines. 

This local calibration includes adapting the language of AI interfaces and communications, 

adjusting algorithmic weights to better reflect local labor market conditions, engaging with 

local employee representative bodies and regulators, and providing reports to regional 

governance structures regarding local AI performance and compliance. 

5. Discussion: Theoretical and Practical Implications 

5.1 Theoretical Contributions 

The HACI Framework and its ideas bring several important contributions to our understanding 

of theory. To start, the idea of relational-adaptive capital takes classical human capital theory 

and gives it a fresh update for the AI age. It offers a solid theoretical basis for pinpointing where 

the value of human capital lies when AI starts to take over cognitive tasks. This concept 

effectively connects human capital theory with organizational behavior, cross-cultural 

management, and the new discussions around human-AI collaboration. 

Next, the concept of continuous intelligence function pushes the boundaries of dynamic 

capabilities theory into the realm of workforce planning. It lays out a conceptual model that 

illustrates what dynamic workforce planning capabilities should look like in the age of AI. This 

connection between strategic HRM and organizational theory has real-world implications for 

how we design workforce planning systems. 

Lastly, the idea of transcultural AI governance expands on international business governance 

theory and AI ethics, specifically focusing on the management of multinational organizations 

(MNOs). It fills a significant gap in both fields. Most existing AI governance frameworks are 

created within single-country contexts and fail to adequately address the complex multicultural 

and multi-institutional nature of MNO operations. 

5.2 Practical Implications 

For HR professionals and leaders in multinational organizations (MNOs), the HACI 

Framework presents a range of practical insights. 
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Human Capital Strategy: MNOs need to take a close look at their current methods for 

identifying, assessing, and developing talent to see how well they align with relational-adaptive 

capital. Many existing frameworks tend to focus too heavily on cognitive and technical skills, 

overlooking the RAC dimensions that will truly set them apart in the age of AI. A thorough 

revision is definitely needed. 

Workforce Planning Transformation: MNOs should evaluate their workforce planning 

capabilities against the CIF model and create clear roadmaps for making necessary changes. 

This isn’t just about investing in technology — the tools are mostly already out there — but 

rather about rethinking organizational design and building capabilities. The transformation 

should follow a logical sequence: start by establishing a solid data and analytics infrastructure, 

then develop CIF organizational capabilities, and finally, redesign the planning governance 

processes. 

6. Directions for Future Empirical Research 

This conceptual paper opens up several exciting paths for future research. 

Measuring Relational-Adaptive Capital: Future studies should focus on creating and validating 

tools to assess the dimensions of Relational-Adaptive Capital (RAC) — especially in areas like 

cross-cultural empathy, ethical reasoning, and learning agility. It’s also important to explore 

how these dimensions can predict performance outcomes in settings where humans and AI 

work together. 

Continuous Intelligence Function Adoption: We need empirical research that looks into the 

organizational factors that lead to the adoption of Continuous Intelligence Functions (CIF) in 

multinational organizations (MNOs). Longitudinal studies that track workforce planning 

results before and after CIF implementation would be particularly insightful, as would 

comparative studies that investigate how different organizational designs impact the 

effectiveness of CIF. 

Transcultural AI Governance Effectiveness: Research that explores how the architecture of 

Transcultural AI Governance (TAG) relates to workforce AI adoption outcomes in various 

national contexts would provide essential empirical support for the TAG framework. 

Approaches like surveys and case studies could shed light on how cultural and institutional 

factors influence the success of different AI governance strategies. 

Human-AI Collaboration Dynamics: We need to dive deeper into how human workers and AI 

systems interact in workforce planning scenarios. This includes understanding how humans 

interpret, trust, and respond to AI-generated insights about the workforce. Such investigations 

are crucial for grounding the theoretical aspects of the Human-AI Collaboration and 

Intelligence (HACI) Framework in real-world organizational behavior. 

7. Conclusion 

This paper makes a compelling case that the shift towards AI in multinational companies calls 

for a complete rethinking of human capital theory, strategic workforce planning, and AI 

governance—rather than just small tweaks to what we already have. The traditional views of 

human capital theory, the usual planning models for workforce strategy, and the typical single-
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country focus of most AI governance frameworks simply fall short when faced with the 

challenges and opportunities that intelligent machines bring to organizations managing a 

diverse and globally spread workforce. 

The three key ideas presented here—relational-adaptive capital, continuous intelligence 

function, and transcultural AI governance—along with their integration into the Human-AI 

Capital Integration (HACI) Framework, offer a solid theoretical base for tackling these issues. 

They imply that the organizations likely to succeed in the age of intelligent machines won’t be 

the ones that just replace human skills with AI, but rather those that find smart ways to blend 

human and artificial intelligence—making the most of what each can offer while managing this 

integration with cultural awareness and ethical responsibility. 

While the theoretical insights from this paper need to be backed up by future research, the 

pressing nature of the challenges they highlight—facing organizations dealing with AI 

transformation today, workers whose jobs and dignity are on the line, and societies striving for 

a fair transition to an AI-enhanced economy—makes it essential to push forward with these 

concepts even before we have all the empirical evidence. 
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